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Generative AI has revolutionized 
the creative process, enabling 
fast, economical idea generation 
at scale. 
Boussioux et al. 2024; Csaszar et al. 2024; Doshi and 
Hauser 2023  
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But this abundance creates a new 

evaluation bottleneck : human 

screening becomes overwhelming.

Afuah & Tucci 2012; Boudreau & Lakhani 2013; Criscuolo et al. 

2021; Danziger et al. 2011; Piezunka & Dahlander 2015



GenAI opens new horizons to evaluate content at scale
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Academic Paper Review 
Assistance

Software Code Review

Legal Document Compliance Checking

Start-up business models, 
solutions, products

Strategic decision-making (e.g., 
finance)

Applications to college, graduate 
school, programs



Can we augment  the early  stages  of the innovation process with 

Generative AI?
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Challenge, 

problem,é to solve 
Screening,

Evaluation
é

The Crowdless Future?

Gen AI & Idea Generation

Organization Science
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Challenge, 

problem,é to solve 
Screening,
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é

The Crowdless Future?

Gen AI & Idea Generation

The Narrative AI Advantage?

Gen AI & Idea Evaluation

SSRN Preprint 

(Major Revision Management Science)
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Innovation screening is a high -stakes, high volume challenge

Bell et al. 2023; Jansen et al. 2025, Lakkaraju & Bastani, 2020; Ludwig & Mullainathan 2024, Obermeyer & Mullainathan 2021  
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Research Question 

How can LLMs standardize and augment 

the idea screening process? 
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Traditional AI explanations aim for fidelity. 

LLM narratives optimize for plausibility.

Traditional XAI (Explainable AI) 
Arrieta et al. 2020, Doshi-Velez and Kim 2017

Å Represents:  The model's actual internal logic 

(e.g., feature weights).

Å Primary Goal:  Fidelity . Accurately representing the 

computation.

Å Encourages:  Analytical, systematic verification.
Balakrishnan et al. 2025, Bauer et al. 2023, Bansal et al. 2021, 

Buçinca et al. 2021, Green & Chen 2019, Schauer et al. 2025, Wang et al. 2025

LIME (pic from Bauer et al. 2023) Algorithm explanation 
(pic from Wang et al. 2025)

LLM Narratives
Wei et al. 2022, Bilal et al. 2025

Å Represents:  A co-generated story constructed 

to justify an output.

Å Primary Goal:  Plausibility & Persuasion . 

Sounding coherent and convincing.

Å Encourages:  Heuristic, peripheral processing.
Bai et al. 2025, Dell'Acqua et al. 2023, Krishna et al. 2023, Kim 

et al. 2025, Matz et al. 2025, Zytek et al. 2024
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This Paper : 

We test how different forms 
of LLM assistance change 
human screening quality in a 
subjective innovation task.
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Dozens of challenges and 

thousands of solutions

to evaluate
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Experimental Design

48 Innovative Solutions 

(MIT Solve Challenge)

Control

Human -only

Treatment 1

Blackbox LLM 
(no LLM rationale)

Treatment 2

Narrative LLM 
(w/ LLM rationale)
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48 Innovative Solutions 
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Control
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48 Innovative Solutions 

(MIT Solve Challenge)

Control

Human -only

3,002 screening 

decisions

Å 228 screeners

Å 2.5 minutes per solution

Expert Screening + 

Expert Ratings of 

Quality 
(Novelty, Impact, Feasibility)

Expert Ratings of 

Quality + NLP analysis

Experimental Design

Treatment 1

Blackbox LLM 
(no LLM rationale)

Treatment 2

Narrative LLM 
(w/ LLM rationale)
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Context engineering and prompt design

Chain-of-Thought

Chain-of-Thought

Context

Context

Few-shot 

prompting

System Message
Set context as startup solution screener

Instructions
Critically assess the solution

Challenge description
Global health equity

Criteria
Specific requirements for solution evaluation

Passing Example Failing Example

Solution to evaluate
Specific requirements for solution evaluation

Output format
Reasoning, summary rationale, passing probability
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