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The Al Explanation Paradox: When Narratives Harm Decision-Making

Context: Field experiment with 228 evaluators screening 48 innovation proposals. Tested Human-Only, “Black-Box" Al
(recommendation only), and “Narrative” Al (recommendation + explanation) assistance on decision quality against expert benchmark.
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The Al Explanation Trap: Why LLM Narratives Can Hurt Innovation Screening

A fieid experiment tested how LLM assistance impacts human evaluation of 48 real-world innovation proposals. Evaluators were spiit into three groups: human-only,
assistance from a "black-box” LLM (recommendation only), and assistance from a "narrative” LLM (recommendation + text explanation).

A A
Black-Box LLM Narrative LLM (
“(Recommendation Only) (Recommendation + Explanation)
2 g ATy :
+4.3 & No Improvement in Decision Quality
Boosts Decision Quality percentage points more llkely Despite higher compliance, there was no overall improvement
to make a correct decision. in decision accuracy compared to humans alone.

Reduces "“False Positives”

Helps evaluators correctly reject weak proposals,
reducing this error by 5.5 percentage points.

1=l Zeir ) Asymmetric Compliance: Drives Rejections
Narratives increased compilance with “Reject” recommendations
ACCEPT by 16.4 percentage points more than “Accept” recommendations.

No Increase in
"False Negatives"

Did not cause evaluators to mistakenly reject
promising ideas that experts would have advanced.

Dangerously Increases
“False Negatives"
Cgused a 5.B_per_cemage _p_nint_ increage in
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Less Verification,
More Deference

When complying with a narrative,
evaluators viewed 8.3% less
submission content.

Narratives Suppress
Critical Thinking

Evaluators were 10.8 percentage points
more likely to follow an INCORRECT
ion if it had a ti
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The Persuasion Paradox: When Al Explanations Harm Decision-Making

Afield experiment tested how LLM assistance impacts human evaluators screening early-stage innovations,
comparing human-only decisions to those aided by “black-box" and "narrative” Al.

The High-Stakes Problem:
Screening New Ideas

Human evaluators face high
cognitive load and uncertainty.

The Surprising Results of Al Assistance

~ Black-Box Al
Reduced False Positives.

I

Reduced False Positives
& False Negatives.
Overall Decision Quality:
Improved.

Narrative explanations created

7

Narrative Al “Asymmetric Compliance.”
(Recommendation +
Explanation) . Evaluators were far more
likely to follow an Al's
recommendation to

REJECT an idea.

Rejecting a potentially

| Impact on Critical Screening Errors & Quality

g 32,',‘,’53.;2 il led fom ‘Quality= NN Black-BoxAl  Narrative Al |
than advancing a (@) Compliance Decoupling. —
weak one. False Positives Reduced Reduced

o
\
» REJECT > ,’g@ Advancing bad ideas
ks
Evaluators were far more likely More compliance with narrative

to follow an Al's recommendation Al did not lead to better decisions, | Overall Decisi 3
to REJECT an idea. it led to more errors. Quality 2

False Negatives Increased
Rejecting good ideas No Change by 5.8% 1 @

In innovation, the costliest mistake
is the “False Negative.”

No Imp!
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THE Al EXPLANATION TRAP: WHY LLM NARRATIVES CAN HURT INNOVATION SCREENING

Paradoxically, adding narrative explanations to LLM recommendations can decrease decision quality in innovation
screening, making evaluators overly compliant with incorrect rejections.

THE MECHANISM:
WHY NARRATIVES BACKFIRE

NARRATIVE LLM

(Recommendation + Explanation)

BLACK-BOX LLM

(Recommendation Only)

NARRATIVES SUPPRESS

CRITICAL THINKING
Evaluators were 10.6

percentage points more

ly to follow an INCORRECT,

recommendation if it

had a narrative.

BOOSTS DECISION QUALITY
Screeners using black-box Al were 4.3
percentage points more likely to make a
correct decision.

NO IMPROVEMENT IN DECISION QUALITY
—@— Despite higher compliance, there was no
[e) overail imp in decisi
compared to humans alone.

ASYMMETRIC COMPLIANCE:

REDUCES “FALSE POSITIVES"

Helped evaluators correctly reject weak ERIV.ES R.EJECTI(?NS li ith “Reiect”
proposals, reducing this error by 5.5 LESS VERIFICATION, arratives increase yCOf"P ance wit ::il:lcst
Betcertage polits V’fl'grsoziryf::zgi more than “Accept” reco.ml;\endations.

narrative, evaluators viewed
8.3% less submission
) content.

DANGEROUSLY INCREASES
“FALSE NEGATIVES"
Cquse_d a'5.8 percentage point increase in

) gp 9

NO INCREASE IN “FALSE NEGATIVES"
Did not cause evaluators to mistakenly reject
promising ideas that experts would have
advanced.
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The Explanation Trap
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Mechanism 2: With a narrative in hand,
evaluators verify less.
-8.6% -8.3%
SronDostn Content viewsa

“The plousitl narrtiv repces the need
for independent verification”
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‘The Siren's Call of Al Storytelling

Clue #1: The Storyteller Al Was Far More Persuasive

Inmovation screening s  bgh-stakes,high-volume challenge.

Finding 2 This refction bias eads toa
tical error—more false negatives.
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The Crucibic: High-Stakes Inoovation Screening

Clue #2: Narratives Traded One Error for a Costlier One.
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“Two Als Enter the Ring: Fithfulness va. Plausibility

Clue #3: Narratives Suppressed
uctive Disagreement
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W tested this ina real-world field experiment.

suppress productive dissent
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‘We tested how LLM assistance changes human
judgment in a real-work innovation challenge.
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Solving the Case, Part 1; The Deference Effect
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‘wheel,” engaging less with the source material.
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The fear has always been a black
box Al we don’t understand.

The research reveals a er risk:
asilver-tongued storyteller we
understand all too well.
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Generative Al has revolutionized
the creative process, enabling
fast, economical idea generation
at scale.

Boussioux et al. 2024; Csaszar et al. 2024; Doshi and
Hauser 2023

But this abundance creates a new
evaluation bottleneck : human
screening becomes overwhelming.

Afuah & Tucci 2012; Boudreau & Lakhani 2013; Criscuolo et al.
2021; Danziger et al. 2011; Piezunka & Dahlander 2015




GenAl opens new horizons to evaluate content at scale

Academic Paper Review Legal Document Compliance Checking Strategic decision-making
Assistance (e.g., finance)

Start-up business models, Applications to college,
solutions, products graduate school, programs




Can we augment the early stages of the innovation process with
Generative Al?
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Can we augment the early stages of the innovation process with
Generative Al?
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Can we augment the early stages of the innovation process with
informs e | (Generative Al?

informs. ISSN 1047-7039 (print), ISSN 1526-5455 (online)

The Crowdless Future? Generative Al and Creative

Problem-SoIvmg
[}
Léonard Boussioux,” Jacqueline N. Lane,>* Miaomiao Zhang,® Viadimir Jacimovic,”® Karim R. Lakhani® S 4
*Michael G. Foster School of B U of Wast Seattle, Wask 98195; ® Harvard Business School, Boston, - - ]
Massachusetts 02163; € Cont nuumLAb Al, Sanlrancn:.co Calf m‘a‘)ﬂl-l \ Vd
*Corresponding author ’ L L
CDnlchl obix@uw.edu, (® https: // cid.org/0000-0003-3346-578X (LB); jnlane@hbs.edu oh p s:// orcid.org/ 000 x)moz 3744-9149 (NL); e S /- -
mzhang@hbs.edu, (9 https: //orcid.org/0000-0003-0747-4068 (MZ); (V)); & - -
® https://orcid.or g/mmmz-ws-mm(xkl_) . ’ S
\ s |\ 4 \ - ]
\ U4 - \ U4
[heCrowdlessFuture? ) ) O
ecrowailessruture AN , -( )-
" - g (N S ¢ P) (N
- -— -—
- - - ] -

Gen Al & Idea Generation M 0)-

—4 -_ - \ ' L , . ' p
N ! '_\-1 \- N - T - -
, ght?ulenegerr’l s,  Solution O 3 = Screening, . Q. a
’ benerrft &n! o2 -0)- . Evaluation O --O-
B --/ \- ::: -O- - = ?\ e
?\|?\'/ -,_-l ’,?\ -/?\-
/\?'\ :Q:-’ . '/F\-

ey | Harvard
Business 10
School




Can we augment the early stages of the innovation process with
inform_ ceeesee | (Generative Al?
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Innovation screening is a high  -stakes, high volume challenge

Cognitive Overload Subjective Criteria Asymmetric Costs
Evaluators must rapidly assess Decisions lack objective “ground The cost of a false negative (rejecting
hundreds of complex submissions truth.” Success depends on a breakthrough idea like Ethernet at
under uncertainty and time pressure, context-dependent criteria, not Xerox PARC) is often catastrophic and
degrading judgment. simple right or wrong answers. far outweighs the cost of a false positive

(advancing a project that later fails).

Harvard
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School

Bell et al. 2023; Jansen et al. 2025, Lakkaraju & Bastani, 2020; Ludwig & Mullainathan 2024, Obermeyer & Mullainathan 2021



Research Question
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How can LLMs standardize and augmen
the iIdea screening process?
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Feature

Traditional Al explanations aim for fidelity.
LLM narratives optimize for plausibility.

Traditional XAl (Explainable Al)
Arrieta et al. 2020, Doshi-Velez and Kim 2017

A Represents: The model's actual internal logic

(e.g., feature weights).

A Primary Goal: Fidelity . Accurately representing the
computation.

A Encourages: Analytical, systematic verification.
Balakrishnan et al. 2025, Bauer et al. 2023, Bansal et al. 2021,
Buginca et al. 2021, Green & Chen 2019, Schauer et al. 2025, Wang et al. 2025

LIME Values overview

Display of applicant and loan information

LLM Narratives
Wei et al. 2022, Bilal et al. 2025

A Represents: A co-generated story constructed

to justify an output.

A Primary Goal: Plausibility & Persuasion

Sounding coherent and convincing.

A Encourages: Heuristic, peripheral processing.
Bai et al. 2025, Dell'Acqua et al. 2023, Krishna et al. 2023, Kim
et al. 2025, Matz et al. 2025, Zytek et al. 2024

why is ICIS the best IS conference?

Thought for 9s >

ICIS is usually called the “best” (or at least the flagship) IS conference for a few pretty concrete reasons:

« It's the AIS flagship and most prestigious gathering for IS academics. AlS itself describes ICIS as

its premier / most prestigious IS research conference. aisne

Open 001 001 o0 008 0.06 Algorithm’s recommendation: Approve
Important features determined by Algorithm
LIME Important features Value of this  Average value of
Agre. 001 001 0.00 001 w ' applicant non-defaulters
Living city DPI (-) 5,654.71 7,296.96
Average amount of game card (+) 0 2.88
Bxtrav. P 8 Py ot b + #Outgoing contacts (+) 10.50 1751
i :; #Weekly office place visits (-) 12.50 6.15
Monthly income level (-) 6 4.04

#Weekly commercial place visits (+) 5.80 4.55
Patience 008 005 004 0.07

Education level (=) 385 4.19

Note. (+) is positively related to default behavior; (-) means the
to default behavior

Older sibl.
(NY) Your initial decision: Deny
Very low Low Medium High Very High Please make your final lending decision:

(No) (Yes)
Feature value

Algorithm explanation
(pic from Wang et al. 2025)

LIME (pic from Bauer et al. 2023)

« Selectivity + review rigor are high. Recent ICIS guidance notes that ICIS “typically reject[s] over

70%" of submissions (i.e., acceptance often <30%), which is part of why it carries so much signaling

valueonaCV. wsz02

« It's the main "big tent” where the whole IS field shows up. ICIS is designed as a global convening

point across methods and topics, not a niche workshop—so the audience, feedback, and visibility are
unusually broad. s

« Career + network effects are unusually strong. Doctoral consortiums, junior faculty events, and the

density of editors/senior scholars make it a major place where collaborations, hiring signals, and “field
agenda" conversations happen. (You feel this especially if you're aiming at top IS journals and faculty
networks.)

« External "impact” signals often rank it very highly. For example, AIS highlighted a Microsoft

Academic analysis that placed ICIS among the very top business conferences by ranking.  swe

One nuance: “best” can depend on your subfield. If your work is closer to HCI, security, economics, or ML
systems, a different top venue might be more optimal for impact in that community. But within IS as a
discipline, ICIS is widely treated as the primary flagship. aiswe
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This Paper :

We test how different forms
of LLM assistance change
human screening quality in a
subjective innovation task.
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How can we harness technology to How can we provide financially How can we make giving and receiving How can we make learning more

build and sustain peaceful and excluded individuals and small care accessible, affordable, and valued inclusive and equitable, while

enterprises with the tools they need for all? improving outcomes for all learners?

to withstand financial shocks and build

prosperous economies?
wealth?

Explore Challenge Explore Challenge Explore Challenge Explore Challenge

Explore Solutions

Explore Solutions Explore Solutions

Explore Solutions.

£ o

ACTION CHALLENGE ;X‘
|
<

N

How can all people learn about and How can we bridge learning gaps for How can communities create a zero- How can communities adapt to more

take civic action to improve their the most underserved children and carbon world and adapt to a warmer extreme weather and create low-

communities and the world? youth between the ages of 5 and 18 so climate? carbon housing for all?

they can thrive and succeed?
Explore Challenge

Explore Challenge

Explore Solutions Explore Solutions. xpiore il tion

ix

How can we build affordable,

How might communities protect high- How can we use technology to make How can we build resilience in health

good health and access to quality care systems and maintain access to care accessible, and high-quality health
systems that serve everyone,

everywhere?

carbon ecosystems and create low-

carbon housing for all? more equitable for all? despite destabilizing events?

Explore Challenge Explore Challenge Explore Challenge Explore Challenge

Explore Solutions Explore Solutions Explore Solutions Explore Solutions

usan

ANTIRACIST
TECHNOLOGY IN THE US

How can communities of color use
technology to advance racial equity
and access economic opportunity,
health, and safety?

Explore Challenge

Explore Solutions

technology-driven transformations of
work create productive and
prosperous livelihoods for
themselves:

Ho arginalized girls 3
women access quality learning
opportunities to succeed?

Explore Challenge

DIGITAL INCLUSION

How can everyone have access to the
digital economy?

Explore Challenge

Explore Solutions

socioeconomic backgrounds use
technology to fully participate and
prosper in the economy?

develop the critical learning and
cogpnitive skills they need to reach
their full potential?

Explore Challenge

Explore Solutions

How can marginalized populations
access and create good jobs and
entrepreneurial opportunities for
themselves?

Explore Challenge

Explore Solutions

productive, and sustainable ec

future for all?

provide accessible, personalized, and

creative learning experiences for all?

Explore Challenge

Explore Solutions

COMMUNITY-DRIVEN
INNOVATION

How can citizens and communities
create and improve social inclusion
and shared prosperity?

Explore Challenge

Explore Solutions.

Ho! youn have
access to quality, safe, and equitable

learning environments?

How can disadvantaged youth learn
the skills they need to prepare them
for the workforce of the future and
thrive in the 21st century?

Explore Challenge

Explore Solutions

2024 INDIGENOUS

COMMUNITIES
FELLOWSHIP

How can Indigenous innovators in the

2023 INDIGENOUS
COMMUNITIES
FELLOWSHIP

Presented with shifty

How are Indij i in the

US and Canada build upon
knowledge and technology to meet
the social, environmental, and
economic goals of their communities?

Explore Challenge

[Explore Solutions

US and Canada building upon
ti and

2022 INDIGENOUS
COMMUNTIES
FELLOWSHIP,

Presented with shifty
How can Native innovators in the US
build upon traditional knowledge and
to meet the social,

to meet the social, and

economic goals of their

and goals of
their d

Explore Challenge

Explore Solutions

Explore Challenge

Explore Solutions

SUSTAINABLE FOOD
SYSTEMS

How can we improve learning How can communities sustainably How can we produce and consume How can people create and consume

outcomes for refugees and displaced protect, manage, and restore their

local ecosystems? food?

low-carbon, resilient, and nutritious goods that are renewable, repairable,

people under 242 reusable, and recyclable?

Explore Challenge Explore Challenge Explore Challenge Explore Challenge

Explore Solutions Explore Solutions Explore Solutions Explore Solutions.

SUSTAINABLE URBAN
COMMUNITIES

COASTAL COMMUNITIES

How can communities around the
world prepare for, detect, and
respond to emerging pandemics and
health security threats?

Explore Challenge

Explore Solutions.

How can every person improve their

brain health and mental resilience?

ds of solutions

Explore Solutions

2019 INDIGENOUS
COMMUNITIES

FELLOWSHIP

Presented with shifty

Native-led solutions that use

—

How can every woman, new mother,
and newborn access the care they
need to survive and thrive?

Explore Challenge

Explore Solutions.

How can we help people prevent,
detect and manage chronic diseases,
especially in resources-limited
settings?

Explore Challenge

Explore Solutions

OCETI SAKOWIN SOLVE
FELLOWSHIP

Presented with shifty

How can tribal communities advance

and

energy, food, or water

to create sustainable and prosperous
livelihoods for Indigenous
communities

Explore Challenge

Explore Solutions

access and contribute to economic
prosperity and sovereignty?
Explore Challenge

Explore Solutions

FOSTER
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W UNIVERSITY of WASHINGTON

How can urban residents design and
live in environments that promote
physical and mental health?

Explore Challenge

Explore Solutions.

2021 INDIGENOUS
COMMUNITIES

FELLOWSHIP

Presented with shifty
How can Native innovators in the US
use traditional knowledge and
technology to meet the social,
environmental, and economic goals of
their communities?

Explore Challenge

Explore Solutions
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The innovators
behind the
Innovations

Our Solver teams are dedicated to wielding technology for good.
Whether it’s an Al app teaching remote refugee children in Lebanon or
affordable electric trucks connecting rural farmers in Africa to markets
—their ideas and innovations are the heartbeat of our work.

Learn more about these leaders for change.

BECOME A SOLVER —

FOSTE R ﬂnﬁi@m m\ Haryard
SCHOOL OF BUSINESS ‘T’ Business
~ | School

W UNIVERSITY of WASHINGTON
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Experimental Design

Control
Human -only

48 Innovative Solutions Treatment 1

(MIT Solve Challenge) Blackbox LLM
(no LLM rationale)

Treatment 2

Narrative LLM
(w/ LLM rationale)
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Experimental Design

48 Innovative Solutions

(MIT Solve Challenge)

Treatment 1

Blackbox LLM
(no LLM rationale)

3,002 screening
decisions

A 228 screeners
A 2.5 minutes per solution
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Control

Human -only

48 Innovative Solutions Treatment 1 3,002 screening

(MIT Solve Challenge) Blackbox LLM decisions
(no LLM rationale)

A 228 screeners

|
% A 2.5 minutes per solution

Expert Screening +

Expert Ratings of _
Quality Expert Ratings of

(Novelty, Impact, Feasibility) Quality + NLP analysis
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Context engineering and prompt design

Context

Chainof-Thought

Context

Fewshot
prompting

Chainof-Thought

System Message
Set context as startup solution screener

v

Instructions
Critically assess the solution

v

Challenge description
Global health equity

v
Criteria
Specific requirements for solution evaluation
Passing Example Failing Example

Solution to evaluate
Specific requirements for solution evaluation

v

Output format
Reasoning, summary rationale, passing probability
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