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Generative AI has revolutionized 
the creative process, enabling 
fast, economical idea generation 
at scale. 
Boussioux et al. 2024; Csaszar et al. 2024; Doshi and 
Hauser 2023  
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But this abundance creates a new 

evaluation bottleneck: human 

screening becomes overwhelming.

Afuah & Tucci 2012; Boudreau & Lakhani 2013; Criscuolo et al. 

2021; Danziger et al. 2011; Piezunka & Dahlander 2015



GenAI opens new horizons to evaluate content at scale
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Academic Paper Review 
Assistance

Software Code Review

Legal Document Compliance Checking

Start-up business models, 
solutions, products

Strategic decision-making (e.g., 
finance)

Applications to college, graduate 
school, programs



Can we augment the early stages of the innovation process with 

Generative AI?
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Innovation screening is a high-stakes, high volume challenge

Bell et al. 2023; Jansen et al. 2025, Lakkaraju & Bastani, 2020; Ludwig & Mullainathan 2024, Obermeyer & Mullainathan 2021  
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Research Question 

How can LLMs standardize and augment 

the idea screening process? 
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Traditional AI explanations aim for fidelity. 

LLM narratives optimize for plausibility.

Traditional XAI (Explainable AI) 
Arrieta et al. 2020, Doshi-Velez and Kim 2017

• Represents: The model's actual internal logic 

(e.g., feature weights).

• Primary Goal: Fidelity. Accurately representing the 

computation.

• Encourages: Analytical, systematic verification.
Balakrishnan et al. 2025, Bauer et al. 2023, Bansal et al. 2021, 

Buçinca et al. 2021, Green & Chen 2019, Schauer et al. 2025, Wang et al. 2025

LIME (pic from Bauer et al. 2023) Algorithm explanation 
(pic from Wang et al. 2025)

LLM Narratives
Wei et al. 2022, Bilal et al. 2025

• Represents: A co-generated story constructed 

to justify an output.

• Primary Goal: Plausibility & Persuasion. 

Sounding coherent and convincing.

• Encourages: Heuristic, peripheral processing.
Bai et al. 2025, Dell'Acqua et al. 2023, Krishna et al. 2023, Kim 

et al. 2025, Matz et al. 2025, Zytek et al. 2024
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This Paper: 

We test how different forms 
of LLM assistance change 
human screening quality in a 
subjective innovation task.
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370+ million$80+ million
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Dozens of challenges and 

thousands of solutions

to evaluate
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Experimental Design

48 Innovative Solutions 

(MIT Solve Challenge)

Control

Human-only

Treatment 1

Blackbox LLM 
(no LLM rationale)

Treatment 2

Narrative LLM 
(w/ LLM rationale)
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48 Innovative Solutions 

(MIT Solve Challenge)

Control
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3,002 screening 
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• 2.5 minutes per solution

Experimental Design
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48 Innovative Solutions 

(MIT Solve Challenge)

Control

Human-only

3,002 screening 

decisions

• 228 screeners

• 2.5 minutes per solution

Expert Screening + 

Expert Ratings of 

Quality 
(Novelty, Impact, Feasibility)

Expert Ratings of 

Quality + NLP analysis

Experimental Design

Treatment 1

Blackbox LLM 
(no LLM rationale)

Treatment 2

Narrative LLM 
(w/ LLM rationale)
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Context engineering and prompt design

Chain-of-Thought

Chain-of-Thought

Context

Context

Few-shot 

prompting

System Message
Set context as startup solution screener

Instructions
Critically assess the solution

Challenge description
Global health equity

Criteria
Specific requirements for solution evaluation

Passing Example Failing Example

Solution to evaluate
Specific requirements for solution evaluation

Output format
Reasoning, summary rationale, passing probability
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Finding 1: LLM assistance increases compliance, but narratives make 

rejection recommendations uniquely persuasive

The Asymmetric Compliance Effect

The narrative’s persuasive 

power was magnified when 

the recommendation was 

negative, significantly 

increasing the evaluator’s 

willingness to reject an 

idea.
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Finding 2: This asymmetry reshapes the error profile: narratives reduce 

false positives but dangerously increase false negatives. 

p<0.001

n.s.

p<0.001

p<0.001

Both LLM conditions help filter out 

weaker ideas.

Narrative LLM eliminates ideas 

that experts would have passed.

Blackbox LLMBlackbox LLM

Narrative LLM Narrative LLM

Change in False Positives (vs. Human-Only) Change in False Negatives (vs. Human-Only)

Human-only Human-only

Worse outcomeImprovement

-5.5pp

-5.7pp
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Finding 3: More compliance does not mean better decisions. 

We need “augmentation,” i.e., productive override. 

Blackbox LLM
Preserves a form of human 

oversight and critical judgment.

Narrative LLM
• Offers a persuasive story.

• Encourages cognitive shortcuts and 

deference.

• Suppresses productive disagreement, 

increasing costly false negatives.

Change in Decision Quality vs. Human-Only

Wang et al. 2025
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Why does this happen? The mechanisms of persuasion

Narrative explanations don’t enhance critical judgment; they reshape human 

oversight by triggering specific cognitive shortcuts (System 2 → System 1). 
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Mechanism 1: Narratives suppress productive dissent when 

the AI is wrong

Deference, not discrimination
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Mechanism 2: With a narrative in hand, evaluators verify less

The plausible narrative replaces the need for independent verification.

-8.3%
Content viewed

-8.6%
Scroll depth



Mechanism 3: Compliance is driven by narrative style, not substance

Narrative LLM

Black-box LLM

Length
Longer rationales create an

illusion of thoroughness.

n.s.

+7.6 pp
p = 0.001

Black-box Narrative

Promotional language
Higher density of hype terms:

e.g., novel, substantial, innovative

n.s.

+8.4 pp
p < 0.001

Black-box Narrative

Concreteness
More concrete, precise wording

e.g., AI-enabled digital stethoscope 

n.s.

+8.4 pp
p < 0.001

Black-box Narrative

Linguistic features of the most harmful rejection narratives
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Expertise provides no protection from the “narrative trap”

The deference to LLM narratives seems like a cognitive phenomenon, not a skill deficit.

Expert screener: “I think when I did have an explanation... I preferred that and I think that it didn’t 

influence my decision but rather would corroborate what my instinct was.” 
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Key takeaway: Adding narrative explanations to LLM recommendations 

encourages peripheral processing

1. Narratives boost compliance, but 

asymmetrically 

They make evaluators far more likely to follow 

LLM rejection advice than acceptance advice.

2. This creates a Quality-Compliance 

decoupling 

Higher compliance with narrative LLM leads to 

more costly errors (false negatives), 

ultimately lowering overall decision quality 

compared to simpler ‘black-box’ LLM.

3. The mechanism is persuasion, not 

transparency 

Fluent narratives encourage cognitive 

shortcuts, suppressing the critical human 

oversight needed to catch the LLM’s mistakes.

Black-Box 

LLM

Compliance Decision Quality

Narrative

LLM

Compliance Decision Quality
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Conclusion: AI’s effects on expertise and creative problem solving

3. Idea Evaluation: 
What form of Human-AI 

collaboration?

Humans Alone Humans + AI

2. Idea Screening: 
AI lowers the cost of 

expertise in screening 

ideas at scale

1. Idea Generation: 
AI lowers the cost of 

accessing creative ideas at 

scale  

Cost = f(time, money, people, expertise)

• Narrative AI 

explanations increase 

compliance but risk 

overreliance.

• Balance efficiency 

with human agency

• Design AI systems to 

augment, not replace, 

human oversight

Bell et al. 2024, Boudreau et al. 2016, Lane et al. 2023, Park et al. 2024, Piezunka and Dahlander 2015  
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Solution quality, as determined by AI

20% Failing 
40% Passing

35

40%

AI-

assisted 

Human 

review 

Spring 2025: we deployed our AI screener with

MIT Solve’s 2025 Global Challenges
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2901 solutions screened

14 business days saved

0 solution incorrectly 

failed 
(on 100 reviewed for quality)

Spring 2025: we deployed our AI screener with

MIT Solve’s 2025 Global Challenges



Welcome Aspire!
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Let’s build the future of human-AI 

collaboration!



Idea 

Generation

Léonard Boussioux 

leobix@uw.edu

www.leobix.com
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Screening,

Evaluation
…

The Crowdless Future?

Gen AI & Idea Generation

The Narrative AI Advantage?

Gen AI & Idea Evaluation

Organization Science Preprint

mailto:leobix@uw.edu
http://www.leobix.us/
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Playbook for Human-LLM Decision-Making
Building on the transparency of traditional XAI, we must address a new risk in subjective domains: 

preventing explanations from becoming persuasive narratives that inadvertently silence the 

crucial human voice.

1. Prioritize Decision Quality Over User Compliance. 

Don’t mistake agreement for accuracy. Measure what matters: the rate of costly errors.

2. Calibrate for Asymmetric Error Costs. 

In domains like innovation, where false negatives can be the real cost, be wary of tools that make 

it easier to say no.

3. Force Critical Engagement. 

Implement features that compel the user to verify the LLM's flaws. E.g., Deploy black-box LLM as 

a Compass to reduce noise and provide a consistent baseline. Avoid narrative LLM as a 

Storyteller that replaces nuanced human judgment and use the socratic method, or an LLM as a 

flagging tool rather than a deciding tool. Expertise doesn’t shield you from that.

4. Design for “Productive Disagreement.” 

The function of an explanation shouldn’t be to persuade, but to highlight where human judgment 

is most needed. Ask: does this explanation help a user spot the LLM’s flaws? 
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